
Introduction

● RAG queries have an associated RAG Configuration 
Ø E.g., how to combine and how much data to input for a query

● Configurations simultaneously affect quality and response delay
Ø E.g., retrieving too many chunks for simple RAG queries unnecessarily 

inflates delay without increasing quality
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Motivation

RAGServe:Fast Quality-Aware RAG Systems with Configuration Adaptation

Overview: RAG Controller with LLM Profiling and Configuration Space Pruning 

Design: Rule-Based Mapping, Joint Scheduling and Fallback Schemes 
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Per-query configuration can achieve 10% higher quality 
and 3x lower delay compared to static configurations

Challenges
● Tuning configurations quickly hits a prohibitive combinatorial space
● RAG configuration should be tuned jointly with scheduling

Ø Need to achieve maximum quality at minimum delay
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(a) Baseline Separates configuration selection and scheduling

In general, "Stuff" is faster than 
"MapReduce" as a RAG config

Yet, "Stuff" is memory-intensive and thus is 
slower when available GPU RAM is limited
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(b) Ours performs configuration selection and scheduling jointly

Delay saved

We select MapReduce as it can 
readily fits in the current batch
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Evaluation: On Real World RAG Question-Answering Datasets
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